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[Abstract]
This paper discusses and proposes a method to predict information based on user web behaviors. Conventionally, some of the
information stored in cookies is used for recommendations regardless of user presence. This paper develops a method to extract
information features associated with user interests using neural networks, and predict the information users are interested in. The
method also enables a flexible information service to be constructed using predictions adapted to the user's presence. The
evaluations indicate that the method is effective and practical.
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